This paper proposes a neo-Schumpeterian model in order to discuss how the mechanisms of entry and exit contribute to industry productivity growth in alternative technological regimes. By assuming a) that firms learn about the technology through a variety of sources, and b) a continuous flow of entry and exit, our numerical simulation exercise does show that exits and contraction take mostly place among less productive firms, while entry and expansion are concentrated among the more efficient ones. We were also able to replicate the fact that the entry-exit effect is larger in the entrepreneurial regime, while the contribution of continuing firms is larger in the routinized regime. Our model was thus very effective in replicating some major empirical regularities of industry dynamics, including the very prominent role of entry and exit in productivity growth. Our analysis also suggests that micro analysis is the proper complement to aggregate industry studies, as it provides a considerable insight into the causes of productivity growth.
Introduction
In the past few years the study of productivity issues has greatly shifted towards the understanding of the operation of micro units, with a particular emphasis on establishment (firm)-level reallocation. It is indeed believed that a large percentage of aggregate (industry) productivity growth can be solely imputed to mobility of firms, with low-productivity firms losing market share (or shutting down) in favour of more productive incumbents and new entrants.
This study proposes a neo-Schumpeterian model in which the role of firm dynamics on industry evolution is extensively modelled. In a new departure from the original Nelson-Winter evolutionary industry model (Nelson and Winter, 1982; and Winter, 1984) , which was mostly focused on technological change, we examine how the mechanisms of entry and exit contribute to industry productivity growth. A central hypothesis in our approach is that the aggregate productivity growth of an industry is driven by the development of micro units, and that the changes in productivity of individual firms are non uniform, which leads to strong heterogeneity across firms and to an intense mechanism of entry and exit.
One key aspect of our modelling is the full characterization of the technological regime in which firms operate. Two raw cases are considered: the 'routinized regime' and the 'entrepreneurial regime'. We develop a competitive dynamic framework of an industry composed by heterogeneous firms and by continuing entry and exit. The learning process can take different forms. Following the taxonomy proposed by Malerba (1992) , firms can learn through 'learning by doing' and 'learning by using' on the one hand, and 'learning by searching' and 'learning from external sources' on the other.
The paper is organised as follows. Section 2 offers a brief review of the empirical literature on firm entry and exit and on firm productivity dynamics. Section 3 develops a neo-Schumpeterian model of industrial dynamics. Section 4 implements Lsd numerical simulations, with a particular 3 emphasis on the sensitivity analysis of the results with respect to key model parameters. The main goal of the exercise is to evaluate to what extent our modelling strategy can replicate some stylized facts on industry dynamics and productivity growth summarized in Section 2. Section 5 contains the concluding remarks.
The numerical simulation exercise shows that exits and contraction take mostly place among less productive firms, while entry and expansion are concentrated among the more efficient ones. It is therefore quite clear that firm mobility plays a substantial role on aggregate productivity growth. We were also able to replicate the fact that the entry-exit effect is larger in the entrepreneurial regime, while the contribution of continuing firms is larger in the alternative (routinized) regime. To summarize, it seems that our modelling strategy was very effective in replicating some major empirical regularities of industry dynamics, including the very prominent role of entry and exit on aggregate productivity growth.
Firm dynamics and industry productivity growth: some facts
Studies in several countries indicate that entry and exit flows of firms are very substantial (Caves, 1998; Geroski, 1995) . In the U.K. manufacturing sector, for example, the (annual) entry and exit rates were about 6.5% and 5.1%, respectively, in the period 1974 -79. In Canada, between 1970 and 1982, the corresponding rates were 4.9 and 6.5%. Moreover, these rates vary substantially across industries -for example, the entry rate fluctuated from 3.5% to 9.6% across the U.K. (twodigit) sectors.
Entry and exit also tend to be highly positively correlated. The main reason is of course that the rate of early mortality is very high for entrants. In Canada, the hazard rate for 1971 entrants was about 10% at the end of the first year (roughly, twice as much as for incumbent firms). In the U.K., 19% of new firms established in 1974 exited within the following two years, while 51% did not survive longer than five years (Geroski, 1991; Baldwin, 1995) .
In contrast, the growth rate among successful entrants is very high. On average, surviving new plants double their initial size after six to seven years , although successful 4 entrants may take more than a decade to achieve the average size of established firms (Audretsch and Mata, 1995) . 1 The relationship between industry dynamics and firms' characteristics (e.g. size, age, technological environment, and innovation) is also an important one (Geroski, 1995; Caves, 1998) .
The technological environment, for example, seems to impact the entry rate, while profits do not (Geroski, 1994; Dosi and Lovallo, 1997) . Acs and Audretsch (1990) and Geroski (1994) have observed a positive (although modest) correlation between entry and innovation rates, suggesting that a more innovative environment encourages entry. Indeed, entry seems to be more intense in an environment providing potential entrants with greater opportunities to innovate, while the greater is the total amount of innovative activity and intensity of R&D, the higher seems to be the entry barriers. Audretsch and Acs (1994) observed, in particular, that the entry rates were lower among prototypal routinized regime industries than among industries characterized by the entrepreneurial regime. 2 The influence of technological environment and innovation on the ability of new firms to survive has also been examined in the literature. Audretsch (1991) , using the United States data on new manufacturing firms (i.e. created in 1976), found that an increase in the capacity of small and new firms to innovate leads to a higher survival rate, especially in the entrepreneurial regime. In the routinized regime, where the ability of small firms to innovate is relatively low, the survival rate tends to be smaller. Another important regularity is that firm's growth rate decreases with size and age, while survivability increases with the same arguments (Bottazzi and Secchi, 2003; Evans, 1987) .
The technological environment influences market turbulence (i.e. market share instability) as well (Dosi et al., 1995) . For U.S. firms , Audretsch and Acs (1990) found that turbulence was higher in industries characterised by the entrepreneurial regime. Turbulence was 1 An entrant is typically very small -in the United States, for example, an entrant over the period only produces in the entry year, on average, 35.2% of the incumbents' output level (Dunne et al., 1988) . 5 indeed higher in industries where small firms were able to implement a strategy of innovation and lower in industries where they were less able to innovate. Davies and Geroski (1997) in turn observed that turbulence in the top five U.K. firms (in 1979 and 1986) tend to increase with R&D intensity, but the characteristics of this specific sample of firms make the comparison a difficult one. Surprisingly enough, Audretsch and Acs (1990) found that there is more, not less, turbulence in concentrated industries. Finally, the dynamics of firms is expected to lead to a higher aggregate productivity growth, with changes in industry-level productivity arising either from within-firm productivity growth (for example, due to technological changes or human capital improvements), or from resource reallocation (i.e. entry and exit of firms; see Carreira and Teixeira, 2008) . Baily et al. (1992) , for example, found that the contribution of increasing output shares of high-productivity continuing plants was the most important source of the U.S. industry productivity growth, while the entry-exit effect was found to be very small. For its part, Foster, Haltiwanger and Krizan (2001) found that net entry plays a significant role in the medium and long term, with resource reallocation accounting for half of manufacturing productivity growth, of which about 18% was due to the net entry effect. These results were corroborated by Baldwin (1995) who has shown that, in the 1970s, firm dynamics contributed substantially to the Canadian (labour) productivity growth -around 40% to 50% of productivity growth was estimated to have been due to firm dynamics, with 37% of the employment share being transferred from exiting and contracting plants to entering and expanding plants. 2 The full definition of technological regimes is given in Section 3 below.
3 For a given concentration index, more turbulence suggests the presence of a higher degree of competition. 4 The role of firm mobility on productivity growth was not confirmed, for example, by Griliches and Regev (1995) . Their analysis of Israeli industry shows that a larger proportion of aggregate labour productivity growth is due to productivity changes within firms rather than to their mobility. It is nevertheless worthwhile mentioning that the time period considered is much shorter (three-year periods in their analysis).
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The model
The empirical regularities outlined in the previous section are at the root of our modelling strategy. Our model draws on Nelson-Winter evolutionary industry model (1982: ch. 12; Winter, 1984) , with two main novelties: a) a greater focus on the learning process -firms can learn about technology through a variety of sources: 'learning by doing', 'learning by using', 'learning by searching', and 'learning from external sources'; Malerba, 1992 ; and b) a more direct and detailed modelling of entry and exit of firms.
Let us assume, at time 'zero', a 'mature' industry made up of a finite number of competitors producing a single and homogeneous product. All individual technologies exhibit constant returns to scale, with output equal to full capacity. Input supplies are perfectly elastic and input pries are exogenously given and constant over time. Figure 1 shows the main structure of the model. In each period the state of production technologies across firms determine the output level and the market price. Then, once firms R&D investment is made (and assuming their R&D activities are successful in innovating or imitating), they decide whether to stick with the current technology or engage on technological changes in the next period. Once firms learn about their performance, they decide firstly on the future R&D effort and secondly whether to continue or exit, while new firms enter in the market.
Production, costs and profits
Given product homogeneity, firms choose quantities rather than prices. Quite naturally, more productive firms (i.e. with a competitive cost advantage) are expected to gain market share, while less productive firms will be expected to lose market share (or forced to exit). 
where q it g is a modified version of the 'replicator dynamic' proposed by Metcalfe (1998: ch. 2), defined as (assuming a zero growth rate for the entire market demand):
where c it denotes the production cost per unit of output of firm i at time t, t c is the average of the firms' unit costs weighted by the corresponding market share it
δ is the intensity of the selection mechanism. Clearly, given equation (1), we have
being equivalent to closure. In turn, the higher is δ, the stronger is the adjustment mechanism. We allow δ being firm-or industry-specific on the one hand, and constant or timevariant on the other. Within this context, a firm's growth rate is higher (lower) than the market average if its unit cost is lower (higher) than the average cost of the established firms.
In each period, firm i is characterised by the production function:
5 The replicator dynamic equation was originally introduced into mathematical biology by R.A. Fisher. It was Silverberg (1987) who extended it to competition among firms. Silveberg's replicator equation relates each firm's market share to the difference between its competitiveness and the industry's average competitiveness (see also Silverberg, 1988) . In the Metcalfe model, the growth rate depends on the absolute difference between individual unit costs and the corresponding industry average. 6 For simplicity, our implementation assumes just two inputs. We note that the Nelson and Winter model (1982: ch. 12 ) assumes Leontief technologies, with each firm i at time t using the inputs in a given proportion. The corresponding amount of inputs is given by:
and the unit production cost of this technology is given by:
where w j is the price of the jth input.
In this framework, a change in firm's unit cost arises from technical progress (i.e. changes in parameters j it a ) and from improvement of efficiency (i.e. changes in parameter u it ). When either j it a or u it increase (decrease), the unit cost decreases (increases), as 0 ) ( ) ( Industry output at time t is given by the sum of the firms' output levels:
We assume that the industry faces a decreasing continuous (inverse) demand function:
where P t is the market price and . In each period, equilibrium in the product market determines the market price at time t, that is, ) (
The profit of firm i at time t is equal to total sales minus production and R&D costs:
where r it is the R&D expenditure rate per unit of sales (0 ≤ r it < 1).
The learning process
Learning and adapting over time is a key aspect to survivability, but routines are usually hard to change, and are responsible for inflexibility and inertia in organisational behaviour. Routines do change, however, as new knowledge is incorporated within the transmission of firm's knowledge over time (Metcalfe 1998) .
Firms can learn through a diversity of sources of knowledge. Following Malerba (1992) , we assume different types of firm's learning: 'learning by doing' and 'by using' (i.e. learning that emerges from production activity and from the use of products, machinery, and inputs), 'learning from advances in science and technology' and 'from inter-industry spillovers' (i.e. learning resulting from the exploitation of external sources of knowledge), and 'learning by searching' (i.e.
learning that is related to research made within the firm). In our model firms can improve their productivity level via any of these three channels in the way described below.
Furthermore, it is assumed that improvements in the technological level are always achieved through learning (disembodied change), and not by investments in new, more productive equipment (embodied change). In other words, an improvement in technology always corresponds to a better knowledge of the production process, not to a replacement of the capital stock.
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Efficiency gains in the use of production technology result in our model from 'learning by doing' and from 'learning by using'. It is a continuous and cumulative process rather than the result of any deliberate R&D activity. We consider however that these two types of learning are conditioned in the following way: (i) the learning process is limited by the maximum efficiency of the technique used (i.e. the best-practice); and (ii) when a new technology is introduced the previous 11 productive knowledge is partly discarded (the technology-specific knowledge component). Thus, u it can be written as:
where τ ik is the number of periods during which firm i uses the technology k, and v ik is a firmspecific parameter that denotes the learning speed. A smaller value of v ik implies a slower learning process.
Before describing the changes in production parameters j it a , which, by assumption are obtained via innovation or imitation, we need to characterize two main alternative technological regimes. Indeed, we consider the concept of 'technological regime', introduced by Nelson and Winter (1977) , as the key tool to understanding innovative activity. Two kinds of Schumpeterian regimes are thus distinguished. The entrepreneurial regime -a 'science-based' technology regime relatively favourable to new and innovative firms -and the routinized regime -a 'cumulative' technological regime that facilitates innovation from (large) established firms (Nelson and Winter 1982; Winter 1984) . 8 In the entrepreneurial regime, the improvements in the current state of technological knowledge are mainly due to the new firms, while in the routinized regime such improvements are mostly associated to the established ones. In a 'science-based' technology, firms accumulate their own technological knowledge base from sources of knowledge external to the firm (for example, from public research institutions and from industry spillovers), and therefore technology is characterised by a broad and universal knowledge base. In a 'cumulative' technological regime, however, the sources of knowledge are internal to the firm and as a consequence the barriers to entry tend to be substantially higher.
In the routinized regime, it is assumed that more productive technologies are obtained, either by innovating new production processes or by mimicking the ones pre-existing within the 8 These two regimes are often referred to as 'Schumpeter Mark I' and 'Schumpeter Mark II' (Malerba and Orsenigo, 1995) , by analogy with Schumpeter's conceptions of the innovative firms developed in The Theory of Economic Development (1934) and in Capitalism, Socialism and Democracy (1942) .
industry. Following again the taxonomy introduced by Malerba (1992) , in the former case, established firms adopt a 'learning by searching' process which is internal to the firm and mainly related to R&D activities; in the latter, firms adopt a 'learning from inter-industry spillovers' process, which is external to the firm and related to current industry knowledge. The capacity of a firm to absorb external knowledge also depends on its R&D activities ('absorptive capacity of firms', after Cohen and Levinthal, 1989; .
We assume R&D investments are an increasing function of sales, and they can be either innovative (
R ), as follows:
where α i is a firm-specific parameter denoting the share allocated to innovation, 0 ≤ α i ≤ 1 (if α i is near to 1, the firm is a strong innovator), and r it is the R&D expenditure rate.
Innovative and imitative knowledge are then accumulated as follows:
( )
( ) The quality (i.e. the probability of success) of R&D activities depends on both past and current R&D investment. We have modelled technological change as a three-stage process. The first stage determines whether a firm's R&D activities result in innovation or imitation in the current period. This is established by random variables d N and d M (the subscripts N and M denote innovation and imitation, respectively) which is equal to one (success) or zero (failure). A firm's probability of success in innovation/imitation is an exponential function of the stock of knowledge:
13 ( )
where b N and b M are industry-specific exogenous parameters of technological opportunities for innovative and imitative success, respectively.
We assume that innovative draws are based on the current input productivity level which means that each firm follows its own technological path. Thus, in the second stage, if a firm is successful in innovating (d N = 1), the resulting input productivities are determined by a log normal distribution with a log mean ( )
g a and standard deviation σ . That is:
where
) is the rate of productivity growth associated with innovation and it is stochastically determined.
A successful imitation (d M = 1) means that the firm learns about a subset of past production techniques available in the industry and is able to converge to the best practice. Formally, the firm chooses the technique with the lowest unit production cost: In the entrepreneurial regime, it is assumed that more productive technologies are obtained from an innovation process that depends mostly on external sources of knowledge. Since, by definition, firms learn from external 'advances in science and technology', the technology is mostly non-cumulative. But it is assumed that the capacity of a firm to absorb external knowledge depends on the level of the R&D effort (Cohen and Levinthal, 1989; .
As in the routinized regime, we have modelled the innovation process as a three-stage process. In the first stage, it is determined whether firm's R&D activities result in innovation; the second stage gives the change in input productivity; finally, the firm chooses between the old and new technique (thus, we recover equations (10) to (18), with α i = 1 to preclude the possibility of imitation). If a firm is successful in innovating (d N = 1), the technique upgrade is then given by a log normal distribution, but centred around the industry's average productivity in the period t-1, that is,
is the average industry input productivity weighted by the corresponding market shares. The assumption that innovative draws are based on average industry input productivity levels translates the idea that the innovative process is largely non-cumulative, with all firms following more or less directly the industry technological path.
R&D effort for the next period
Having selected the technique to use in the next period, firms have then to decide on the R&D investment for the next period. This is modelled in two stages. As a first step, firms determine whether they want to adjust its level of R&D investment towards the industry average. This decision is made by comparing the performance (i.e. the net present value) of each firm and the industry average. A firm will decide to increment the R&D expenditures if its net present value is lower than the industry average, that is, if V it > V t . The net present value of an established firm with an infinite horizon and a constant discount rate (v), is given by:
where E(π iτ ) is the expected profit in period t.
ĝ is the average profit growth rate given by ( )
otherwise. ϕ and ρ are weighting parameters, with ϕ, ρ ∈]0,1[. Equation (19) can then be written:
The average net present value of the industry is given by:
or, assuming ( ) ( 1) 
where ( 1) t r − is the weighted average R&D expenditure rate in period t-1 (
, β i is the firm-specific parameter that gives the rate of adjustment (0 < β i < 1), and ω it is a random variable.
According to this rule, if a firm's performance is not satisfactory (i.e. if it is lower than industry average), the R&D effort will increase in the direction of the industry R&D average.
Finally, the R&D expenditure rate to be implemented by the firm in the following periods is determined. It is assumed that the rate of R&D investment is bounded from above by the unit profit before non-production costs, such that the R&D expenditure rate in the next period is given by:
Entry and Exit
Firms decide whether to continue or to exit and potential entrants decide whether to enter or not.
We assume that entry and exit barriers are connected to the structural characteristics of the industry,
given by entry and exit costs, E and X, respectively. (These costs, however, are never set to preclude entry or exit of firms.) The entry barriers are determined by the nature of the knowledge base and by the properties of the learning processes (Marsili 2001) . Exit barriers influence the behaviour of firms by imposing non-transferability of specific assets, such as specific skills and accumulated knowledge (Caves and Porter 1976) .
The exit decision is taken in period t, and it is implemented at the beginning of period t+1.
A firm will decide to stay in the industry if
, that is, if the corresponding net present value is higher than the alternative (exit).
X it
V is the net present value of an established firm that decides to exit and it is given by:
Considering (19) and (25) 
The number of entrants can be defined in several ways. For example, Llerena and Oltra 17 (2002) , Bottazzi, Dosi and Rocchetti (2001) and Winter (1984) define the number of potential entrants as a stochastic Poisson process to then evaluate whether potential entrants become actual entrants, while Marsili (2001) defines the number of entrants exogenously, using a constant entry rate with a stochastic disturbance. Our implementation is similar to the latter. Thus, we define the number of new firms as follows:
where m t is the number of entrants in period t (approximated at the nearest integer), γ t (γ t > 0) is the entry rate and n t-1 is the number of established firms in the period t-1. The entry rate is given by a normal distribution
and f ´< 0 (i.e. γ t is decreasing with the level of entry barriers).
The entry decision is taken in period t and becomes effective at the beginning of period t+1. Whether a potential entrant becomes an actual entrant depends on the evaluation of the profit opportunities generated by its technology at the time of entry. The potential entrants can be mistaken about the evaluation of the profit opportunity via, namely, a bad judgement of the potential productivity level of the technique. The net present value of a potential entrant is given by:
A potential entrant decides to enter the industry if the (discounted) expected profits are higher than the entry cost, that is, if
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The production technique is defined at the outset in case of entry. The full specification of the initial characteristics of each firm is therefore required. We assume, in particular, that the entry scale is small relative to the size of the market and determined by a normal distribution 
Simulation results: the impact of entry and exit on industry productivity growth
Our numerical simulation is implemented by using the Laboratory for Simulation Development (Lsd) software. 9 The main purpose is to evaluate to what extent the model is able to replicate some of the stylized empirical regularities on firm dynamics reported in Section 2 above.
We also want to analyse the specific contribution of market share reallocation to aggregate productivity growth.
In each technological regime, we consider five separate entry/exit scenarios of 200 consecutive production periods (quarters). To test for the robustness of our findings with respect to model parameterization (the model assumes a considerable number of random parameters), each scenario is replicated 100 times, making a total of 100x200 runs per scenario. Either the number of production periods or the number of replications could be easily extended, but no substantial gain would be obtained. We believe indeed to have generated enough and representative statistics that allows us to establish our findings with a comfortable degree of confidence.
To begin with, we have the no entry/no exit case as a benchmark implementation. Then, using the entry rates reported in Dunne, Roberts and Samuelson (1988) 3.875 and 3.900% per quarter in the other five entrepreneurial regime cases. The parameter defining exit barriers is assumed to be equal to 2 in the routinized regime (high barriers) and 0 in the entrepreneurial regime (low barriers).
All other industry and firm parameters are identical across implementations. In particular, our exercise considers an initial population of 65 heterogeneous/single-output/single establishment firms with distinct R&D intensity and productivity levels. To simplify, the production technology uses only two inputs, with the initial productivity level of input 1 ranging from 0.868 to 1.101, and from 1.536 to 1.745 in the case of input 2. The corresponding averages are equal to 0.999 and 1.643. The initial R&D rate per unit of sales ranges between 0.5 and 9.0%, with an average equal to 4.77%. The average initial market share is identical for all firms and equal to 0.0154 (or 1/65). As in the Nelson-Winter model, we assumed a 'mature' market with a unit elastic (inverse) demand given by 65
The values of parameters are presented in Appendixes A and B.
Analysing the evolution of industry
So how does the model fare in terms of its ability to replicate the empirical regularities on firm dynamics documented in Section 2? Table 1 shows the selected industry statistics generated by each industry configuration. Clearly, the final number of firms is (11 to 15 percent) higher in the entrepreneurial regime than in the routinized regime, either in terms of the average over the entire production cycle (200 periods) or at the final period (i.e. at t=200). The Herfindahl equivalent number of firms index shows in turn that market concentration is higher in the routinesed regime than in the entrepreneurial regime. At t=200, for example, there are between 113.7 and 114.4
'equivalent' firms in the routinized regime, and 119.7 to 138.9 in the entrepreneurial regime. The corresponding standard deviations are also considerably higher in the latter. Comparing with no entry/no exit scenario, all 10 selected scenarios generate larger rates of turbulence. As shown by the Hymer-Pashingian index (line 3, panels a) and b), columns 3 and 8),
3.2% of the total market share, on average, are transferred across firms in the entrepreneurial regime, while in the routinized regime this figure is only 2.4%. 10 In the no entry/no exit scenario, this reallocation rate does not exceed 0.8%. There is, therefore, one third more turbulence in the entrepreneurial regime than in the routinized regime, a pattern very close to the one found by Audretsch and Acs (1990) .
Much of the market turbulence is of course linked to the entry and exit of firms. As Table 2 shows, the annual entry and exit rates are quite distinct in the two technological regimes. 11 For example, the entrepreneurial regime yields an annual entry rate of 13.5% and an exit rate of 12.0%
(averages over the 200 periods), while for the routinized regime the corresponding entry and exit rates are 2.9% and 1.8%. This finding confirms some stylised facts, according to which many industries, especially those closer to the routinized regime, show average annual entry rates lower than 3%, while other industries, closer to the entrepreneurial regime, exhibit entry rates higher than 12% (Dunne, Roberts and Samuelson, 1988; Geroski, 1991; Baldwin, 1995) . 10 The Hymer-Pashingian instability index, I t , is an indicator of market turbulence, and it is computed as the sum of one-period variations in absolute value in firms' market shares: , where c denotes continuing firms, e new firms, and x exiting firms.
11 Entry and exit rates are computed using the method suggested by Dunne, Roberts and Samuelson (1988) . Notes: Averages over 100 simulation runs for each industry configuration. The rates are defined as the ratio of entrants (exiting firms) in t to the total number of firms in t-1. Standard deviations are in parenthesis. Averages over 100 simulation runs for each industry configuration. The survival rate is defined as the number of new firms surviving in a given year after birth, as a percentage of the total number of new firms.
24
Entry and exit are highly positively correlated. This correlation is determined, in the first instance, by the rate of early mortality of new firms, which is very high in both technological regimes. Table 3 provides the distribution of the number of production periods in which newly created firms operate before closing. Around 14% of new firms close within the first year (i.e. before four production periods) in the routinized regime, while in the entrepreneurial regime the corresponding figure is approximately 17%. Ten years after birth, 60% of entrants are still in operation in the routinized regime. The corresponding rate in the entrepreneurial regime is only 20%. This of course confirms the stylised fact that early mortality among entrants is particularly high in the entrepreneurial regime, as found by Geroski (1991) , Audretsch (1991) , Mata, Portugal and Guimarães (1995) and Baldwin (1995) .
Firm dynamics and industry-level productivity growth
The next issue is whether all the generated firm mobility implies a higher aggregate productivity growth. Let us first compare the productivity growth across the two technological regimes. Figure 2 plots the evolution of aggregate productivity. (Individual productivity levels are weighted by the corresponding market shares.) Both technological regimes generate a higher Fisher index of productivity than in no entry/no exit scenario: the final period productivity index is, respectively, 152.5 and 167.6 in the routinized and entrepreneurial regimes, and only 136.3 in the case of no entry/no exit (base 100 at t=0). Converting into annual average growth rates, this is equivalent to 1.04, 0.85, and 0.62%, respectively. Notes: Base 100 at t=0. Prod00000-Prod03875 denote the industry productivity index associated with the corresponding mean of the random entry rate (see Appendix A).
As Figure 3 and Table 4 show, the 'technological space' is exploited differently across the two types of technological regimes. In the first place, dispersion in productivity levels is higher in the entrepreneurial regime than in the routinezed regime. (The lowest dispersion is in the no entry/no exit scenario.) The productivity distribution is left-skewed in the case of routinized regime, with a long tail in the negative direction (i.e. the mean is lower than the median -the negative skewness is indeed between -3.48 and -3.26). In the entrepreneurial regime, in contrast, the distributions are weakly right-skewed. The maximum productivity level in the routinized regime is also much closer to the third quantile than in the entrepreneurial regime case. Thus, the more concentrated productivity distribution on top values in the former case does not result in a higher average productivity growth rate. Notes: Averages over nine 5-year periods. The corresponding values by period are available upon request (Appendix Table 5A ). Standard deviations are in parenthesis.
Successful firms exclude unsuccessful ones and the result is a considerable resource reallocation and, hopefully, increased aggregate productivity growth. As Table 5 shows, the market share transferred from exiting and contracting units to entering and expanding units, over a 5-year period, was 12 to 13% in the routinized regime. The corresponding rate in the entrepreneurial regime is an astonishing 51 to 52%, while in the no entry/no exit scenario, the market share reallocation is very small at 5%.
In order to disaggregate the contribution of firm dynamics to industry productivity growth, the population of firms in each 5-year period was divided into four groups: continuing firms with increasing market shares, continuing firms with decreasing market shares, exiting firms, and entering firms. In each group we then computed the proportion of firms with a productivity index higher than the average/median productivity of continuing firms. For completeness, the productivity of entering firms was also compared with the productivity of exiting firms. These statistics are presented in Tables 6 and 7 . The reported values are the averages over a time-span of 9 consecutive 5-year periods (i.e. over a total of 180 runs in each replication). 12 Since we are mostly interested in long-run effects, the first 5-year period was dropped from the analysis. Table 6 shows that entrants are at least as productive as continuing firms. In the routinized regime, 67 to 68% of entrants show a productivity-level above the (beginning-period) average of continuing firms (line 1, columns 1-5). In the case of the entrepreneurial regime, only roughly one half of entering firms are more productive than the continuing firms average (line 1, columns 6-10), but they are clearly more productive than the average of exiting firms (measured at the beginningperiod) and the median of continuing firms (lines 2 and 3, columns 6-10). Notes: Averages over nine 5-year periods. The group of entering (exiting) firms comprises all firms that enter (exit) in a given period. Simultaneous entry and exit within any period is precluded. The reported values are obtained by dividing the number of entrants (exits) with a higher (lower) productivity index than the corresponding average of continuing firms by the total number of observed entrants (exits). The productivity index of continuing firms is measured at the beginningperiod in the case of new firms and at the ending-period in the case of exits. The corresponding values by period are available upon request (Appendix Tables 5A-E) . Standard deviations are in parenthesis. Notes: Averages over nine 5-year periods. The group of continuing firms comprises all firms that remain active over a given period. In this group, firms were divided into two categories: those with an increasing market share and those with a decreasing market share. The proportions reported in the table for each group are then obtained dividing the number of firms with a higher productivity level than the average of continuing firms by the total number of observed firms in the corresponding category. The corresponding values by period are available upon request . Standard deviations are in parenthesis.
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The exiting firms are also strongly concentrated in the less productive lot in both technological regimes. In the routinized regime, 67 to 69% of exiting firms have a productivity level below the (ending-period) average of continuing firms; approximately 75% are below the median.
These proportions are larger in the entrepreneurial regime: approximately 93% in both cases. On the whole there is therefore no shadow of doubt that exits have been replaced by new and more productive firms, substantiating a significant and positive entry-exit effect on industry productivity growth, especially in the entrepreneurial regime case. Table 7 looks at continuing firms with increasing/decreasing market shares in detail. At first sight it seems that most firms which are gaining market share are also more productive. In the routinized regime, for example, 83 to 84% of firms with increasing market shares belong to the (beginning-period) top 50 per cent most productive continuing firms (line 3, columns 1-5), while approximately 97% of those firms have a productivity level above the continuing firms average (lines 1, columns 1-5). The percentage is even higher in the entrepreneurial regime case, at 78 to 82% and 82 to 84%, respectively (lines 3 and 1, columns 5-10). Symmetrically, continuing firms with decreasing market shares are in general less productive. In the case of the routinized regime, for example, approximately 59% of firms that are losing market share are located in (ending-period) 50 per cent less productive segment, while in the entrepreneurial regime this proportion is 61 to 63%. It is therefore quite clear that resource reallocation among continuing firms plays a substantial role on aggregate productivity growth, especially in the routinized regime case.
On the whole, this decomposition of productivity growth shows that exits and contraction do occur among less productivity units, while entry and expansion are concentrated among more efficient units. It follows therefore that our modelling was quite effective in replicating some major stylized facts of industry dynamics, including a very strong impact of entry-exit mechanism on aggregate productivity growth.
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Concluding remarks
This paper examines industry dynamics as a source of aggregate productivity growth in two alternative technological regimes. Our evolutionary approach assumes that individual firms learn about technology through a variety of sources, and that, as a consequence, productivity growth and market shares across firms can be quite distinct. Aggregate productivity growth in this framework is thus determined by the micro productivity patterns associated with different technological regimes, on the one hand, and the ease of entry/exit, on the other.
Our numerical simulations do replicate key empirical regularities already reported in literature. In particular, they show that firm mobility has a very strong impact on industry productivity growth: firms that gain market share are the ones among the most productive lot, while continuing firms with decreasing market shares are in the bottom half of the distribution in terms of efficiency; exiting firms also tend to be replaced by new and more productive firms. It is therefore very clear that firm dynamics do matter both in terms of micro and aggregate productivity growth.
We also confirmed that the entry-exit effect is more dominant in the entrepreneurial regime, while the impact of resource reallocation among continuing firms is larger in the routinized regime.
Not surprisingly, given that in the former the competition between the innovative entrants and the established firms is more head-to-head, the industry-level productivity growth is higher than in the latter.
On the whole, our results suggest that micro analysis is the proper complement to aggregate industry studies, as it provides a considerable insight into the causes of productivity growth. As to the policy implications of our analysis are concerned, the lesson seems to be quite straightforward:
it claims for the promotion of an institutional environment more favourable to resource reallocation through entry and exit of firms in order to achieve a higher rate of production efficiency. 
